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Experiment with simulated noise

Images of Lena with simulated Gaussian noise with
standard deviations @ 30and6Q
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Usual and possibilistic local estimates of the noise level.

Six Images of the 1000 HBP direct acquisitions.
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Standard deviation estimates with uniform kernel.
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Experiment with real noise
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Possiblilistic estimate with triangular kernel.
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Standard deviation estimates with gaussian kernel.

Experiment of edge detection with gradient ltering

Approach by Canny-Deciche lItering with low thresholds= 4 andsy, = 6.

Approach by Canny-Deciche ltering with medium (optimahyésholdss; = 13 and

ShH = 16.

Approach by Canny-Deciche Itering with high threshols|s= 28 andsy, = 30.

Approach by possibilistic Itering with no threshold (aumatic thresholding)



